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ABSTRACT 

In a world where computer science started evolving so much that artificial intelligence is 
recognizing objects and people’s reactions from a photo, relying on the technology makes 
surviving in a modern world so much easier. The most important step in automatic 
content recognition is the quality of the image - quality which can be improved in many 
ways. Having a high contrast level provided in a photograph is a characteristic that 
ensures that more objects would be recognized because Microsoft’s Computer Vision API 
identifies content in the provided photographs using the shapes of the targets. It is clear 
that making an image’s objects more “visible” by applying various effects to it will 
increase the algorithm’s recognition. 
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1. INTRODUCTION 

Using the cloud-based Computer Vision API everyone can analyze data provided by the 
API. It also ”provides developers with access to advanced algorithms for processing 
images and returning information” [1]. The API’s ”algorithms can analyze visual content 
in different ways based on inputs and user choices” [1] 

A. Faces 

The computer vision algorithms can focus on many kinds of output information 
depending on the needed results. One of these algorithms [2] can detect human faces and 
analyze their characteristics like age (approximated using face gestures techniques), 
gender and displays the rectangle of the face - for pictures containing multiple persons. 

All of this visual output is actually a subset of metadata generated for each face to 
describe its content. 

The output for the following image is: [ ”age”: 28, ”gender”: ”Female”, ”faceRectangle”: 
”left”: 447, ”top”: 195, ”width”: 162, ”height”: 162 , ”age”: 10, ”gender”: ”Male”, 
”faceRectangle”: ”left”: 355, ”top”: 87, ”width”: 143, ”height”: 143] 

                                                      
1* corresponding author, Engineer, “Politehnica” University of Bucharest, Bucharest, Romania, 
oana.caplescu@gmail.com 
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According to Microsoft’s documentation [4], ”OCR supports 25 languages”. 

The supported languages are: ”Arabic, Chinese Simplified, Chinese Traditional, Czech, 
Danish, Dutch, English, Finnish, French, German, Greek, Hungarian, Italian, Japanese, 
Korean, Norwegian, Polish, Portuguese, Romanian, Russian, Serbian (Cyrillic and Latin), 
Slovak, Spanish, Swedish, and Turkish.” 

Microsoft based their advancement in development of these algorithms on output but they 
did not use voting as a form of analyzing the data. 

2. VOTING PROCESS 

To increase the optimal upshot, these voting systems have been used: 

• majority voting: efficient, and it does not require a large set of data to be 
analyzed; its rule is: every vote has a fixed weight and a fixed probability of 
occurrence - considering the minimum confidence which is set at the beginning of 
the voting and a delta value which confirms if the confidence obtained after 
applying an effect is considered for the voting process as an input or not - 
considering that each effect produces its own result and improves its own 
recognized information within the photos. 

• weighted voting: needs knowledge about the original pictures (considers previous 
inputs); in this case, the criteria is established as follows: if the output’s 
confidence is higher than the original (thus the need from the previous input) it is 
considered for the voting process. 

3. METHOD DESCRIPTION 

Several processing based on voting have been developed over time [9][10][11][12]. The 
integrated ideas are, of course, specific to every application desired outcome, but there are 
also several key elements in common: the voting is performed on a processed version of 
the input and any of the used processing methods in itself cannot guarantee optimal 
results. 

The analyzing process is further explained in the following diagram: 
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